
Derivation of the full conditionals for Bayesian analysis

In the following, we derive the straightforward calculations of the full conditionals for
Bayesian analysis. For the Bayesian model specified in the paper, the likelihood is given
by:
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where X is an IJ×p-matrix, m is an IJ×1-vector, βc is a p×1-vector, u is an IJ×1-vector;
πw, µw, and σ2

w are Lw × 1-vectors; πu, σ2
u, and µu are Lu × 1-vectors; and τ , ν, θ, η, µβc , Σ

are hyperparameters.
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We now derive the full conditionals.
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for mij ≥ 0, i.e. when yij = 0.
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